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Abstract

This research) was aimed to compare the efficiency of parameter estimation in multilevel analysis of small
sample groups'in 3 methods which were FML, RML, and EB. This research simulated by using Monte Carlo technique,
this research simulated problem with R program version 2.13. The conditions of simulation were 1) the population
have negative skewness and platykurtic kurtosis distribution and positive skewness and leptokurtic kurtosis
distribution; 2) one independent variable for each level; 3) Intraclass correlation coefficient were 0.01 and 0.20, and
4) sample sizes, 3 for each level which were 5, 15, and 25. Each condition was generated 1,000 simulated data sets
and the statistics used to compare the efficiency was One-way Multivariate Analysis of Variance (One-way MANOVA).
The results indicated that FML and RML have the highest efficiency in estimating the Fixed Effects. The EB has the
highest efficiency in estimating the Random Effects. It was tested at the significant level of 0.01. For the FML and RML
have the efficiency to estimate the Fixed and Random Effects difference not statistically significant at the 0.01 level
in the population have negative skewness and platykurtic kurtosis distribution and positive skewness and leptokurtic
kurtosis distribution.
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A, Ao wisidwesAniunsunus (Location

parameter)
A, fe wniweiidmunana (Scale parameter)
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Dependent Var. Independent Var. Pillai’s Trace F Hypothesis df Error df P-value
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