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Abstract

The research objective is to study the effectiveness of parameter estimation and variable selection
by using genetic algorithm in the high-dimensional linear regression analysis. The results of the proposed method
from the simulation are compared with the other three well-known methods: lasso, elastic net, and stepwise
regression. The comparison criteria are the percentage of the number of correct fitting models, the percentage of
the number of over-fitting models, the percentage of the number of under-fiting models, the percentage of the
number of incorrect fitting models including mean squared error and the accuracy of the parameter estimates. It
can be concluded that the direct selection by genetic algorithm yields the best results when compared with the
other three methods in nearly all cases.
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