WM Ideuarinen1slygr U9 13 adun 1 unsiau - Sguieu 2558

Research Methodology & Cognitive Science, Vol. 13, No. 1 January — June 2015

ASANENNBIUS8UMBUUSEANS ANV LUAaINARLLTIDLLUN
Tun1s7tiadesineeauaINIsaN19wNsUsyan

ud Hana ¥

9
s o L Q‘ aa
29919 Tewanl ' yAnd Tundun

)

' giua nguaguial |

L peuz@nwimans unang1aeasunsunsilsw
UNANED

n153deiiiTngUsrasAiiofnwuaziUSsuiisuysednsameeslumaiiiiunldlunisidade

€

vinwgamansameamsdya lumsuidyniiesaunisdudusulsfeivesiniFouss futu
freufnwimeudusanynsefuty uaznguresinSouiisedudu e uazunun1siou unnesty
Wendunsitelfinvunaaesuililunisdssfiuieidadevinuganuamnsonwnitygives
ShidsusziutuTsenfnunoudi lunsuidaymidesaunsdadususiien Setmuntugeisnsnu
WUIAAYBY Embretson’s Cognitive Design System Approach (CDS Framework) lUld@euiutinisau
U 1,214 AY LLﬁ%VT’]ﬂ”IﬁLﬂi’]%ﬁsng}mJuaLﬁaL‘U%EJ‘ULﬁEJU‘Ui%aVl%ﬂﬂWGUENIQJLﬁamiaﬁf\]ﬁlﬂl@ﬂfﬁ’umﬂ Ao
G-DINA Model uaz DINA Model mnusuustiadefidmaieninuunnsiisvesanuanansalunislévinue
s dnygiiensndneurestiam nan1s3deUsngi1 G-DINA Model iulamaiilianduiiaany
aenndosvasluinaluldsduysaiuazmfuilauaonadesveduinaluddusivdsinindfildain DINA
Model Tunniieulvveanisiiasizi uandliifiuin G-DINA Model lulsinadilidszansamlunis
Anszsidoyaluifan1sifiadefindd DINA Model Hansiiasiedfunguiniiouseduduiisondn
maué’ummmsﬁusﬂju mﬁlmwsﬁﬁumjmaaﬁﬂL'%EJuﬁﬁszﬁu%y’u LA LAZMNUNITIIEU Wansneiu

AdnAsy: lunan153tadeidediuun, G-DINA Model, DINA Model, Uszangnmlunisiiasieidoya

U

29 AANTINIRULTITUA

*Corresponding author. E-mail: suchaew@gmail.com

27



WM Ideuayinenslygn U9 13 aduf 1 uns1an - Squiew 2558

Research Methodology & Cognitive Science, Vol. 13, No. 1 January — June 2015

The Study for Comparing the Efficiency of
Diagnostic Classification Models

Sumalee Meesakul !,
Ong-art Naiyapatana !, Chusak Khampalikit !, Suwimon Kritkharuehart !
! Faculty of Education, Srinakharinwirot University, Thailand

Abstract

The main purpose of this research study was to compare the efficiency of diagnostic
classification models for using to diagnose the lower secondary school students’ cognitive skills
in solving the linear equation problems. The diagnostic test, which was developed by using
Embretson's Cognitive Design System Approach (or CDS framework), was used to administer
1,214 lower secondary school students. Data from the assessment were analyzed by using two
diagnostic classification models, G-DINA and DINA model in the four conditions. The first
condition, all data were analyzed by G-DINA and DINA model. The second condition, the data
were classified in three groups of student’s level (1st grade, 2rd grade, and 3nd grade). The
third condition, the data were classified in two group of student’s gender (male and female).
The fourth condition, the data were classified in two group of student’s academic plan
(sciences—mathematics plan and general plan). The results showed the absolute fit index and the
relative fit index of G-DINA model was lower than these of DINA model was in all conditions,
therefore G-DINA model was more effective model to analyze the data than DINA model.

Keywords: Diagnostic Classification Model, G-DINA model, DINA model, The efficiency in
analyzing the data of diagnostic classification model
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